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Executive Summary
Intel IT plays a pivotal role in Intel’s business transformation. While the Foundry 
and Product domains of the company are now separate, Intel IT is responsible for 
driving data quality across both domains and maintaining the master data that 
underpins them. An added challenge is that data quality and data management 
become even more critical as AI use cases multiply across the enterprise.

In 2025, we engaged with Deloitte and Gartner to objectively evaluate our 
data, analytics, and AI (DAAI) maturity level. The two assessment frameworks 
revealed the following primary results:

•	 Our work to date, including master data governance, a modern data lakehouse, 
and a centralized data marketplace, has resulted in best-in-class traditional data 
management capabilities.

•	 However, we have significant work ahead to truly enable AI-ready data—such 
as improving data lineage observability, increasing AI literacy across the 
enterprise, and establishing better unstructured data management.

Addressing the gaps identified during the assessment frameworks can position 
Intel as a thriving enterprise through financial discipline, better data-and AI-
enabled decision-making, and an AI-fluent workforce. We would be happy to 
share our DAAI best practices and key learnings with other enterprises through 
the IT@Intel program.

Intel IT is advancing Intel’s business transformation by strengthening data governance 
and modern platforms while closing AI-readiness gaps to enable smarter decisions 
and an AI-fluent enterprise
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Background
At the beginning of 2022, our data environment was 
fragmented, which presented opportunities to improve 
standardization, centralization, and integration:

•	 Our enterprise data warehouse (EDW) was primarily used 
to extract data and build reusable data assets. However, 
it did not always contain the curated data consumed by 
the business, as data curation often occurred outside 
the EDW in many scenarios.

•	 The EDW data was convoluted and bloated because 
multiple teams, representing various business units, 
created duplicate data by importing the same data from 
different sources. They also applied their own calculations 
and business rules after data extraction. These ungoverned 
activities lead to multiple versions of the “truth” and 
generated downstream data silos that made it difficult to 
automate processes across business units. In addition, 
siloed data marts and data cubes resulted in conflicting 
key performance indicators (KPIs) and duplicate extracts.

•	 Some teams repeatedly extracted data directly 
from sources and created purpose-built data marts.

•	 Self-service business intelligence (BI) was ungoverned, 
resulting in weak data lineage and inconsistent 
data definitions.

•	 Project intake and data portfolio control were undisciplined.

•	 Unstructured data was unmanaged, and business-
technology metadata was not linked.

•	 Since then, Intel’s business transformation has 
helped strengthen our data, analytics, and AI (DAAI) 
environment and strategy. We are on a journey to build 
a strong DAAI environment that features high-quality 
and well-governed data. 

To date, we have: 

•	 Scaled to a modern cloud data lake with a medallion 
architecture.1

•	 Implemented industry-standard data products with 
data quality, governance, definitions, and architectures.

•	 Centralized delivery and oversight of Intel’s highly shared 
master data, with an emphasis on pulling data strictly from 
authorized sources.

•	 Scaled analytics reporting and high-value AI and machine-
learning (ML) initiatives.

•	 Built several hundred reusable APIs, which significantly 
contribute to the cross-enterprise consistency of 
master data.

•	 This foundation supports Intel’s business transformation, 
is critical to our AI and Generative AI (GenAI) initiatives 
like iGPT,2 and is pivotal to improving operational 
efficiencies. We have made significant progress, but 
our data estate journey is not finished (see Figure 1). 
The remainder of this paper describes our transformed 
DAAI environment and strategies, and then explores the 
additional transformation that is necessary to support 
the growth of AI across the enterprise.

Data, Analytics, and AI Transformation Journey

2022
Fragmented

and Siloed

2025
Centralized, Governed,

and Marketplace-Enabled

2026+
Agentic-First,

Outcome-Driven
Enterprise

1.5

3.4
4.5

Data Maturity Score

Figure 1. Our journey toward a best-in-class data, analytics, 
and AI (DAAI) landscape.

Where We Are: A Strong Data 
Foundation
Over the last few years, we have focused on establishing 
the trust frameworks, governance structures, and data-
readiness practices that enable enterprise-scale insight. 
Our purpose is to accelerate Intel’s growth and business 
transformation through innovative, cost-effective, and 
well-architected data, along with BI and AI platforms. The 
following sections describe the most critical characteristics 
and features of our current DAAI environment, which is 
illustrated in Figure 2 on the following page.

1	 A medallion architecture is a data design pattern that organizes data into progressively 
refined layers, improving quality, governance, and usability. The three layers are 
bronze (raw data), silver (cleaned data), and gold (business-ready data).

2	 iGPT is the frontend of our in-house GenAI platform. It provides users with intuitive no-
code AI tools so that all employees can build and use AI assistants for specific use cases.
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Figure 2. Our current data, analytics, and AI (DAAI) architecture.

Data Analytics Supported by a Modern 
Data Lakehouse
We modernized our data analytics platform by migrating 
structured data to a cloud-based data lakehouse solution. 
This transformation enabled the creation of reusable 
data assets. The data lakehouse provides the following 
business benefits:

•	 Accelerates onboarding of new use cases

•	 Enables cross-domain analysis while allowing 
for domain‑specific customizations

•	 Helps business users to define, maintain, and apply 
business logic

•	 Minimizes time to insight for better operational 
decision‑making

•	 Provides a catalog of crucial details about our data

Single Sources of Truth for Master Data
As Intel moves forward with its transformation, with Foundry 
and Products as separate reporting entities, we need single 
sources of truth. We implemented a modern Master Data 
Management capability that governs product, customer, 
vendor, reference, and finance master data for both Intel 
Foundry and Intel Products. Benefits of accurate and 
consistent master data include:

•	 The ability to better understand the business and 
integrate multiple systems and business processes 
with consistent data

•	 Trusted and secured data harmonization for improved 
operational efficiency

•	 Significant reduction in transaction failures

•	 Stabilized operations using real-time analytics to improve 
data quality and reduce manual interventions

•	 Increased transparency of data maintenance bottlenecks 
and audit logging 

•	 Improved customer experience

•	 Simpler regulatory compliance

•	 A firm foundation for AI and automation

Separation of Data by Key Business Zones3

Because Intel’s Foundry and Product businesses now 
operate as separate entities, we have established a strict 
separation of their respective data. This data segregation 
leverages robust security measures to help protect 
customer intellectual property and foster customer trust.

We have organized data into three super zones that have 
specific security access roles:

•	 The Intel Foundry super zone contains only Foundry data 
and is accessible only to the Foundry business.

•	 The Intel Product super zone contains only Product data 
and is accessible only to the Product business.

•	 The Corporate super zone contains shared services data 
like Finance and HR and has restricted access based on a 
need-to-know basis.

3	 Historically, the DAAI team has managed IT and corporate data; it is now expanding to 
include Intel Foundry and Intel Product data.
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This granular access control helps ensure that the business 
can comply with regulatory requirements, enhance data 
governance, and commit to data security-critical factors 
to maintain customer confidence and support secure, 
collaborative analytics environments. For each zone, 
we import master data once from authorized sources 
to establish a trusted record of reference; we share the 
data across all zones within each super zone, which helps 
maintain master data consistency for Intel’s reports, 
analytics, and AI.

Data Marketplace with Certified, Cataloged 
Data Assets 
Many teams need a reliable way to discover and access 
trusted data for analytics and AI use cases. To support this, 
we are building a centralized data marketplace that makes 
it easy to find, understand, and use certified data assets 
across the enterprise. Each data product is cataloged with 
standardized metadata, clear ownership, documented 
lineage, and defined quality indicators, providing the 
context needed for confident use.

This approach enables governed data sharing across 
domains, allowing teams to reuse trusted data rather than 
creating duplicative datasets. As a result, data used for 
reporting, analytics, and AI initiatives is more consistent 
and reliable. Treating these assets as enterprise data 
products helps ensure that they are managed with clear 
accountability, including defined owners, stewards, quality 
thresholds, and usage expectations.

Certification plays a key role in this model by signaling that 
a data product meets enterprise standards for quality, 
compliance, and usability. This makes it easy for teams to 
identify trusted data quickly, accelerating adoption while 
reinforcing confidence in the insights and decisions it 
supports.

Governed Self-Service Analytics
Intel’s business units require analytics that move at the 
speed of business without sacrificing trust, security, or 
consistency. A scalable self service analytics strategy 
enables business teams to directly explore data, prototype 
ideas, and generate insights using shared enterprise data 
assets, reducing dependency on centralized delivery 
models. The objective is not unrestricted access, but 
purposeful empowerment, allowing domain experts 
to innovate quickly while avoiding the proliferation 
of redundant reports, unmanaged data assets, and 
fragmented definitions that undermine enterprise 
decision making.

Governed self-service, an operating model that pairs 
user flexibility with centralized standards, can help sustain 
this balance over time. In a governed approach, business 
users retain the flexibility to create analyses, proofs of 
concept, and exploratory insights while operating within 
clearly defined architectural standards, data governance 
practices, and security controls. This helps ensure that 
self service activity strengthens data quality, consistency, 
and compliance rather than eroding them. By embedding 

governance into platforms and processes instead of 
relying on manual oversight, we can preserve agility 
while maintaining confidence in enterprise data.

Together, self-service and governance form a continuous 
analytics lifecycle: rapid business-led experimentation, 
validation of value, and promotion of proven solutions into 
durable, enterprise-managed capabilities. This model 
maximizes the return on data investments, reduces 
duplication of effort, and creates a trusted analytics 
ecosystem where innovation scales responsibly. Rather 
than positioning self service and enterprise analytics as 
competing models, our balanced approach aligns them 
into a single, coherent strategy that accelerates insight, 
reinforces accountability, and enables confident, data-
driven decisions at scale.

Standardized Data Engineering Framework
Enterprise data teams at Intel frequently need to ingest 
and transform data from a wide range of sources while 
maintaining consistency and control. To address this 
challenge, we designed and implemented a metadata-
driven Cloud Ingestion Framework (CIF), a standardized 
approach to building and managing data pipelines across 
the organization. The CIF organizes our technology 
stack into reusable, configuration-driven templates that 
allow pipelines to be defined once and deployed through 
database configuration. These templates can be applied 
to any new ingestion or curation data pipeline and support 
common sources such as Secure File Transfer Protocol 
(SFTP), databases, blob storage, file shares, and software-
as-a-service applications. They include built-in patterns for 
full and incremental loads using approaches like append, 
merge, and overwrite, along with utilities for processing 
complex data structures across both the raw data ingestion 
and data product layers. This approach provides a common 
foundation for data engineering across all environments, 
enabling teams to consistently reuse proven patterns 
rather than building pipelines from scratch. 

A key capability of this metadata-driven approach is 
end-to-end data lineage. The CIF captures a complete, 
auditable record of where data originates, how it moves 
through systems, how it is transformed, and where it is 
ultimately consumed. This visibility strengthens trust in the 
data and supports more confident decision-making, while 
providing a strong foundation for ongoing enhancements 
in governance and observability.

The standardization introduced through the CIF has 
enabled a 5–10× acceleration in time‑to‑market4 by 
providing reusable templates, consistent design 
patterns, and common development workflows. This 
uniformity significantly reduced onboarding time for 
project teams, improved development quality, and made 
solutions much easier to troubleshoot and support. As a 
result, teams can deliver new capabilities significantly 
faster while maintaining a highly reliable and scalable 
lakehouse environment.

4	 Based on internal Intel IT measurements.
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Enterprise Data Quality Rules 
Reliable data is essential for effective decision-making, 
especially as AI becomes more deeply embedded across 
the enterprise. To support this, we treat data quality as 
a shared responsibility, with clear standards, defined 
expectations, and transparent monitoring across teams. 
This approach ensures that data is complete, accurate, and 
fit for use, while creating accountability for maintaining 
and improving quality over time.

We take a structured approach to managing data quality 
throughout the data lifecycle. Data issues are identified 
early, before downstream testing and consumption. We use 
iterative data profiling, supported by modern data quality 
tools and AI-based techniques, to assess completeness, 
consistency, and accuracy. Data is then validated against 
business requirements through both system-level and user-
level testing to ensure it supports real-world processes. 
Ongoing monitoring and observability provide continuous 
insight into data health, allowing teams to quickly detect 
and address issues as they arise.

This foundation enables us to continuously improve data 
reliability through automated quality rules, standardized 
checkpoints, and centralized dashboards. As a result, 
teams have greater confidence in the data they use, and 
the organization is better positioned to avoid inefficiencies 
and make informed, timely decisions.

Reusable Data APIs
Many applications5 require access to enterprise master 
and transactional data. Therefore, we virtualize enterprise 
data assets, making them easy to access and use through 
reusable APIs. These APIs are cataloged, version-
controlled, and searchable. This approach enables us 
to provide a common mechanism for distributing highly 
shared data, so that thousands of downstream applications 
use the same set of APIs. This helps guarantee data 
consistency across the company.

Tech teams appreciate that we have specifically designed 
these APIs to be modular so they can be consumed 
easily. Teams can choose what they need to satisfy each 
application’s unique needs. This has had a significant 
productivity impact, as tech teams no longer have to build 
these interfaces themselves. Thorough documentation 
and central management and governance make these APIs 
nearly self-service, so that teams rarely need our assistance 
when using them.

Data FinOps 
Managing cost effectively is a foundational part of our data 
strategy. As data volumes and processing demands grow, 
we take a disciplined approach to ensuring that resources are 
used efficiently and aligned with business needs. All initiatives 
are budgeted annually and tracked monthly, with clear visibility 
into variances and opportunities for optimization.

5	 We call these applications “boundary applications” in our transformation; there are 
hundreds of them.

We monitor costs across compute, storage, and 
virtual machine usage, with controls in place to guide 
efficient consumption. Compute resources and cluster 
configurations are continuously evaluated and adjusted 
based on actual usage patterns, helping to align capacity 
with demand. Custom dashboards provide detailed visibility 
into cost drivers, enabling teams to track usage at a granular 
level and identify areas for improvement.

This visibility allows us to take targeted action to reduce 
inefficiencies. Long-running pipelines and queries are 
identified through log analytics, and optimization efforts 
are focused on improving code performance and storage 
utilization. As a result, we are able to improve overall 
pipeline efficiency while maintaining cost discipline at scale.

Standards-Based Interoperability for Flexibility 
Using open, industry-leading standards and solutions is one 
of our key guiding principles (see the sidebar for additional 
principles). These are critical to delivering portable and 
flexible solutions. Especially as agentic AI ramps up 
across the enterprise, we want to be sure our solutions can 
quickly and easily adapt to new use cases. Table 1 provides 
examples of open standards and solutions that we may use 
in our DAAI environment.

Table 1. Examples of Open Standards and Tools for DAAI

Category Standard or Tool Description

Data Contracts, 
Metadata, and 
Interoperability

Open Data 
Contract Standard 
(ODCS)

Formalizes schema, quality 
expectations, and service-
level agreements between 
producers and consumers. 
Important for governed 
data products.

OpenLineage
Popular standard for 
capturing lineage metadata 
across pipelines and tools.

Data Processing 
and Pipelines

Delta Sharing
Open protocol for secure 
data sharing across a variety 
of platforms.

Apache Iceberg 
and Delta Lake

Open table formats that 
standardize how big data 
lakes behave like data 
warehouses. Apache Iceberg 
has wide vendor adoption.

Observability, 
Quality, and 
Governance

OpenTelemetry

Not data-specific, but 
critical for observability 
and telemetry across 
infrastructure and pipelines.

Data 
Governance, 
Metadata, and 
Access Control

Unity Catalog

Databricks’ open-
sourced centralized data 
governance and metadata 
management layer for the 
Databricks Lakehouse 
platform, providing 
fine-grained access 
control, lineage tracking, 
and cross-workspace 
data management.
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Key Areas of Responsibility
Our DAAI team is organized around delivering six services 
to the enterprise, as detailed in Table 2.

Table 2. Key Responsibilities of the DAAI Team

Responsibility Explanation Specific Areas of Focus

Data strategy 
and architecture

Enable innovation 
and create a 
scalable and 
secure framework

•	 Data and solution 
architecture

•	 AI–ready data

•	 Data product design

•	 Ingestion frameworks

•	 Platform architecture 
and governance

Enterprise data 
and analytics

Discover insights 
and recommend 
actions, capture 
and manage data

•	 Single source of truth 
for Intel’s data landscape

•	 Insights for business 
transformation programs 
pertaining to enterprise 
resource and supply 
chain planning, along with 
corporate functions

•	 Dashboards and self-
service analytics 

Master and 
product data 
management

Create single 
versions of the 
truth, with accurate 
master data that is 
consistent across 
the enterprise

•	 Touchless data 
maintenance

•	 Measured master 
data management 
effectiveness

•	 Easily accessible and 
reusable APIs from a 
trusted record of reference

Data quality and 
reliability

Enforce data 
and insights 
governance, 
perform data 
profiling and 
quality evaluations

•	 Enterprise data quality 
for critical data elements

•	 Data Council for 
consistency and standards

•	 Data observability and data 
marketplace for discovery, 
context, and lineage 

•	 Data product certification 
and stewardship

AI data and 
operations

Machine-learning 
and Generative AI 
capabilities and 
solutions for the 
enterprise

•	 Data agents

•	 Semantic layer and 
knowledge graph

•	 Advanced retrieval-
augmented generation 
(RAG) solutions

•	 Unstructured data lake

•	 MLOps and LLMOps

Data and AI 
literacy

Increase workforce 
AI literacy and 
perform change 
management

•	 Persona and experience 
journey mapping

•	 Data transformation 
change management

•	 Data literacy 

Data by the Numbers
Our data estate is vast, dynamic, and growing. The 
following numbers highlight the scale and complexity of 
the platforms, assets, and services required to support 
enterprise analytics and emerging AI use cases.

Lakehouse

Raw
Tables

8,000+

Data
Products

400+

Analytic
Dashboards

3,000

Downstream
Applications

1,000+
Connecting data, analytics, and applications at scale

Data Quality

Data
Definitions

10,000+

Data Domains
in Data Catalog

50+

Data Quality
Rules

1,200+
Powering good decisions with good data

Master Data

Centralized, single sources of truth

Enterprise
Domains

20

Reusable
Master Data APIs

450+

Master Data API
Calls per Year

1B+

Positioning Our Data Capabilities and 
Services Against Maturity Models
We often use capability frameworks and maturity models 
to measure ourselves, our ambitions, and how we compare 
to best-in-class organizations. These comparisons and 
benchmarks help us to easily see where we should focus 
effort and investment.

To gauge our foundational data capabilities, as well as 
our AI-readiness, we adopted two frameworks, one from 
Deloitte and one from Gartner:

•	 The Deloitte framework is focused on the DAAI 
organization and capability groups.

•	 The Gartner framework is focused on data readiness for AI.

The results of the Deloitte and Gartner framework scoring 
validate our DAAI work over the last few years. By combining 
the scoring from the two frameworks, we have validated that 
we are achieving many of our goals—and all of them are critical 
to taking the next step toward AI readiness. Although our 
traditional data management capabilities are nearly best-in-
class, we have significant work ahead to enable AI-ready data.
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Figure 3. Deloitte’s Data, Insights, and AI framework for assessing AI-readiness.

Deloitte’s Data, Insights, and AI Framework
Deloitte’s framework is organized by eight capability groups 
that comprise 30 capabilities, describing what a best-in-
class data and AI organization should encompass (see 
Figure 3). The partially shaded boxes in Figure 3 indicate 
our progress in each measured capability. The framework’s 
findings were informed by nearly a dozen interviews with 
business stakeholders (or their proxies) and eight responses 
to a survey that measured more than 200 factors. 

Deloitte also compared our score for each capability with 
similar assessments from several peer companies. This 
comparison revealed that we are best-in-class for 15 out of 
the 30 measured capabilities, which we can leverage across 
the entire DAAI landscape. A few of those 15 capabilities are 
as follows:

•	 Standardized data acquisition via the CIF

•	 Master data aligned to semiconductor industry best 
practices

•	 Modern and highly secure lakehouse platform and tools

•	 Strategy and guidelines

•	 Business engagement and change management

Other capabilities, such as “AI Ops” and “Autonomous AI,” 
have significant room for improvement and will guide our 
investment strategies going forward (for more information, 
see the following section, “Where We’re Going: Scaling AI 
with Confidence”).

Overall, we scored 3.38 (on a 5-point scale) according to 
Deloitte’s framework (see Figure 4), demonstrating that 
over the last few years, we have made remarkable progress 
in evolving our DAAI landscape, driven largely by our 
support for Intel’s business transformation. 

Over the next few years, we plan to improve our Deloitte 
framework score to at least 4.5.

Intel IT Data, Analytics, and AI Maturity

Proactive
Managed

O
ptim

al

Reactive

A
w

ar
e

Target State 
(2026+)

Current State

2 3

4

0 5

Overall Maturity Score: 

3.38

Figure 4. Our current and aspirational AI-readiness scores 
according to Deloitte’s framework.

Gartner’s AI-Data Readiness Framework
While Deloitte’s framework focused on the DAAI organization’s 
capabilities, Gartner’s framework focused on whether our data 
was ready for AI. This readiness comprises a mix of traditional 
data management components, such as Data Engineering and 
Scalability Performance, and AI-specific components, such as 
Bias Mitigation and Prompt Engineering. 

Figure 5 on the following page provides an overview of 
our maturity scoring under Gartner’s AI-Data Readiness 
framework. The partially filled boxes indicate how mature 
we are in a particular area, while the light blue line indicates 
where our maturity was in 2023. Figure 6 on the following 
page provides a different, numerical view of our maturity per 
this framework. 
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Figure 5. Gartner’s AI-Data Readiness framework.
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Figure 6. Our current and aspirational AI-readiness scores, 
according to Gartner’s framework.

Where We’re Going: Scaling AI 
with Confidence
Although the Deloitte and Gartner maturity scores 
identified high maturity in traditional data management, 
they also highlight areas where we need to climb the 
maturity ladder and become truly AI-ready. The Gartner 
AI-readiness framework identified six key focus areas 
(see the next section for details). In addition to investing 
in these areas, our plans also include the following:

•	 Continued focus on modernization and efficiency:
	– Leverage AI in our work.
	– Identify cost-optimization opportunities across 
our DAAI landscape.
	– EOL legacy platforms.
	– Evaluate vendor capabilities against current 
and future needs.

•	 Implement the new frameworks and strategy across 
the enterprise:

	– Create a OneIntel DAAI strategy.
	– Create an AI Center of Excellence.
	– Integrate product information management, product 
lifecycle management, and master data management 
so that each is enriched by the others.

Key Areas of Focus for AI Readiness
As the ability to drive business value through AI becomes 
an imperative competitive differentiator, data quality, data 
governance, and data lineage are now executive board-level 
discussions. The Deloitte DAAI maturity framework identified 
six primary gaps in our DAAI environment, as detailed in Table 3.

Table 3. AI-Ready Data Gaps and Solutions

Gap Solution

Fragmented 
operating model 
impedes strategy 
and speed 

Accelerate innovation with an AI Center of 
Excellence and a federated governance model 
guided by a flexible and pragmatic governance 
philosophy, which will establish an appropriate 
level of governance for the risk to the business.

The data foundation 
is not AI-ready

Build an AI-ready data foundation through 
focused investments, including: 
•	 Building and certifying data products 

for Generative AI use cases
•	 Unstructured data management
•	 Ontology and knowledge graph capabilities

Lack of end-to-end 
visibility creates 
distrust and risk.

Establish end-to-end data and AI 
observability, with integration with the data 
and AI marketplace. Also assess market tools, 
make selections, and implement. 

Critical data is not 
easily discoverable 
or usable

Deliver enhanced data and AI marketplace 
enhancements, including lineage for trusted 
data sharing through streamlined find, publish, 
and manage processes.

Advanced AI delivery 
is ad hoc and reactive

Standardize and scale advanced AI with an 
enterprise platform approach and AIOps. 
Deploy data agents to discover, understand, 
and act on enterprise data.

Talent, literacy, and 
adoption are uneven 
across the enterprise

Activate a Data360 program for AI literacy 
and transition change management. Create a 
comprehensive ecosystem to train, track, and 
manage data and AI fluency at scale. 

To address these gaps, we are focusing on specific 
investment areas to move up the AI-readiness maturity 
curve (see Figure 7 on the following page). Figure 8 on the 
following page demonstrates how these will fit into our 
future DAAI architecture.
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Data Architecture Unstructured
Data Management

Agentic 
Data Consumption

Governance
and Op Model

1 Certified Data Products for 
Analytics and GenAI Use Cases

Build and certify data products for 
GenAI use cases, ensuring they are 
compliant, accessible, secure, and 

fit-for-purpose.

2 Unstructured Data Lake
Addition of enterprise-class 

unstructured data management 
across documents and other 

unstructured file types.

3

Data Agents
Data agents discover, understand, 

and act on enterprise data; interpret 
a user’s intent; find the right datasets; 

check permissions and quality/lineage; 
generate and execute queries or 
pipelines; and return governed, 

explainable results.

3 Enterprise-Scale Business 
Ontology and Knowledge Graph

Enterprise-scale business ontology and 
knowledge graph link data and meaning 

to power GenAI use cases through 
NLP-driven queries, advanced search, 

and augmented generation.

4

5 Enhanced Data and AI 
Governance | Marketplace

Structured policies, lifecycle 
management, and continuous 

improvement to ensure accountability, 
compliance, and business value.

Figure 7. Critical capabilities for AI-readiness.
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Figure 8. Investment areas for evolving our data, analytics, and AI architecture.
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Our Guiding Principles for Building 
an AI-Ready Data Architecture
As we continue our AI journey, the following 
guidelines will help us create a best-in-class 
architecture that can quickly adapt to new use 
cases and provide immediate business value:

•	 Use open and industry-leading standards 
for portability

•	 Leverage in-house expertise, Intel architecture, 
and industry best practices 

•	 Focus on use cases with high business value

•	 Quality and security by design

•	 Federated ownership, centralized guardrails

•	 AI with guardrails and Human in the Loop (HITL)

AI-Ready Business Value
As we close the gaps identified by our benchmarking 
process, we expect our investment to pay for itself quickly 
through the following advantages:

•	 Financial discipline. We can strengthen product margins 
through real-time forecasting, cost visibility, and tighter 
KPI alignment.

•	 Connected supply chain. Combining demand, Foundry, 
supplier, and logistics data into a single view will enable us 
to react more quickly to volatility and reduce stock-outs 
and excess inventory.

•	 Operational precision. Predictive analytics, unified 
reporting, and consistent data definitions can help reduce 
demand and supply variance.

•	 Ecosystem and product innovation. Shared insights and 
reusable models will accelerate innovation across Intel’s 
product portfolio and enable faster collaboration with the 
industry.

•	 Data- and AI-enabled decisioning. Intel leaders and 
stakeholders can make faster, better decisions when AI 
is embedded in workflows, and teams can access self-
service AI and automated tools that extract meaning from 
massive amounts of data. 

•	 Workforce. Continuous upskilling, agentic tools, and 
redesigned workflows will help build an AI-fluent, 
empowered workforce.

Conclusion
Intel IT is central to Intel’s transformation, ensuring trusted, 
high-quality data across both Foundry and Product 
domains. Independent assessments by Deloitte and 
Gartner confirm that while our master data governance and 
modern data platforms are best-in-class, further progress 
is needed to achieve true AI-ready data—particularly in 
lineage observability, unstructured data management, 
and enterprise AI literacy. By closing these gaps, we can 
strengthen financial discipline, enable AI-driven decision-
making, and build an AI-fluent workforce to power Intel’s 
next phase of growth. Through the IT@Intel program, our 
DAAI team is open to consultation or pilot requests and is 
eager to help other enterprises modernize their data estate.

Related Content
If you liked this paper, you may also be interested in these 
related stories: 

•	 IT@Intel: Master Data – Managed!

•	 IT@Intel: Transforming Siloed Manufacturing Data into 
Unified Insights

•	 IT@Intel: Modernizing Enterprise Data Analytics Using 
Databricks in the Cloud

For more information on Intel IT best 
practices, visit intel.com/IT

IT@Intel
We connect IT professionals with their IT peers 
inside Intel. Our IT department solves some of 
today’s most demanding and complex technology 
issues, and we want to share these lessons directly 
with our fellow IT professionals in an open peer-to-
peer forum.

Our goal is simple: improve efficiency throughout 
the organization and enhance the business value 
of IT investments. 

Visit us today at intel.com/IT or contact your local 
Intel representative if you would like to learn more.
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